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1. Introduction 

The Dodd-Frank Act of 2010 subjects most U.S. banks to annual stress tests that provide 

information on capital adequacy. These statistical approaches, however, are often opaque and 

tuned to understanding general asset quality rather than identifying specific bad assets or training 

management to respond to shocks.1 On the other hand, a real exogenous shock to banks’ assets 

and depositors can serve as a “natural” stress test and might ultimately help affected banks 

survive during larger panics. For instance, Berger and Udell (2004) find that the ability of banks 

to recognize potential loan problems deteriorates the longer it has been since they experienced a 

negative shock. They argue that the deterioration applies mostly to the accumulation and 

processing of soft non-quantitative information about borrowers such as, character and 

reliability, as opposed to hard quantitative information such as financial ratios and credit scores. 

We examine this question by testing whether a local shock—the Mississippi Flood of 1927—

prepared flood-affected banks to survive the Great Depression a few years later.  

This historical event has several advantages for understanding whether local shocks can 

help banks survive subsequent panics. Primary amongst these advantages is that bank lending at 

the time was decidedly local. Federal law prohibited interstate branch banking, and with the 

automobile still in its infancy, it would have been impractical for most firms and farmers to 

obtain services from a bank located more than a few miles from their home. Second, the flood 

was concentrated in a particular area and is plausibly exogenous to economic conditions after 

controlling for geography. The resulting structure meant that banks were closely tied to their 

local economy, and the flood should only have had a significant effect on banks in the affected 

parts of the country.  

                                                            
1 For example, the Federal Reserve altered their stress testing in 2018 to provide more informative metrics to 
individual banks. 
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We evaluate whether the “natural” stress test of the flood prepared affected banks to 

survive the most severe U.S. economic depression relative to non-affected banks that operated 

nearby. By collecting bank-level data for Louisiana and Mississippi—two of the most flood-

affected states—from 1925 to 1932, we find that while affected banks saw no differential closure 

rates during the flood period they were about 16 percent less likely to close during the Great 

Depression. The differential closure rate holds even when controlling for the distance to the 

Mississippi River or comparing banks in flooded areas to those banks in the immediately 

surrounding non-flooded areas. In line with Berger and Udell (2004), our findings are not driven 

by banks changing their balance sheet composition during the flood period but rather a result of 

additional management experience weathering the shock.  

Our finding contributes to a relatively small but growing literature that investigates the 

effect of natural disasters on banking activity. Carlson et al. (2011) show that a fruit fly 

infestation in Florida in 1929 triggered a banking panic that required the monetary intervention 

of the Federal Reserve Bank of Atlanta, whereas other studies using modern U.S. banking data 

(e.g., Cortés and Strahan, 2017; Schüwer, Lambert, and Noth, 2018) investigate how exposure to 

hurricanes or other natural disasters affected banking activity. None of these studies, however, 

evaluate whether banks that had experienced such a disaster were more likely to survive a 

subsequent major economic crisis. This study also relates to a large literature that evaluates the 

causes of banking failures during the 1920s (e.g., Alston et al., 1995; Davison and Ramirez, 

2014) and during the Great Depression (e.g., Calomiris and Mason, 2003; Richardson and 

Troost, 2009). Our contribution to this literature is that we analyze how banks exposed to a large 

local shock when the Federal Reserve did not intervene performed during the Great Depression a 

few years later.  
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2. The Great Mississippi Flood of 1927 

The Great Mississippi Flood of 1927 remains one of the most destructive river disasters in 

American history. Unusually heavy rainfall in the fall and winter of 1926 through the spring of 

1927 soaked the ground of the Mississippi River Basin and led to flooding along the main 

tributaries, such as the Ohio, Missouri, and Arkansas Rivers. The unfavorable conditions led the 

water level of the Mississippi River to reach unprecedented highs. By the time the flood subsided 

in August 1927, over 120 cracks or breaks in the protecting levees had occurred along the 

Mississippi River affecting approximately 26,000 square miles of land and 930,000 people in 

170 counties across seven states (American Red Cross, 1929; Kosar, 2011).2 

The flood caused substantial economic damage and interruption of business activities.3 

About 160,000 homes were flooded, and more than 40,000 buildings were destroyed (American 

Red Cross, 1929). The Mississippi River Flood Control Association (1927) estimated crop losses 

above $70 million, livestock losses above $3.5 million, and property damage above $40 million. 

While seven states experienced damage, the downstream states recorded the worst destruction. 

The estimated damages in Louisiana and Mississippi were about $80 million in total. 

Despite the economic damage to farmers and other businesses was substantial, the 

banking sector remained remarkably stable. The State Bank Commissioner of Louisiana wrote in 

his June 1927 report that total bank resources and deposits were on an upward trend despite the 

flood. While some banks were forced to suspend their business activities for a few days, banks 

reportedly weathered the crisis. As far as the state and federal authorities reported, the flood 

represented a real threat to economic and financial activity, but banks in the affected areas stood 

                                                            
2 President Coolidge appointed a special committee to help the Red Cross raise funds and coordinate relief. The Red 
Cross established refugee camps and provided aid, food, clothing, and medical assistance for the flood victims 
(American Red Cross, 1929).  
3 Hornbeck and Naidu (2014) show that the flood triggered black out-migration and led to modernization of 
agricultural production in the flooded counties. 
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the test well even without bailouts or emergency funds for recapitalization. The rest of the paper 

tests whether affected banks were more likely to close during the flood and/or during the 

subsequent Great Depression.  

 

3. Data 

To examine how banks fared during and after the flood, we combine data from a variety of 

sources. First, we obtain information on every bank in Louisiana and Mississippi from the Rand 

McNally’s Bankers’ Directory from 1925 through 1932. Each year, the Directory provides a list 

of banks in operation along with an abridged balance sheet. By comparing the list year after year, 

we determine when each bank entered/exited and how their balance sheet changed over time.4 

We drop the few banks that entered after the start of the sample, private banks that had no formal 

charter, and bank branches. Next, we calculate the distance from each bank in our sample to a 

flooded area using the map in Figure 1 digitized by Hornbeck and Naidu (2014). Information on 

the population and economic characteristics of each bank’s county is retrieved from Haines 

(2010) and information on the locations of Red cross camps are taken from the Official Report of 

Relief Operations of the American Red Cross (1929, Appendix VII). Finally, we obtain each 

county’s Federal Reserve District from the Federal Reserve Board’s Annual Report. 

 We select Mississippi and Louisiana for two reasons. First, the two states were seriously 

impacted by the flood, yet still had sufficient non-flooded portions to act as control groups. 

Tennessee had relatively little exposure to the flood and thus does not provide sufficient within 

state variation to identify the effect of the shock. Second, compared to Arkansas, which was also 

severely affected by the flood, the two states were not particularly affected by the drought that 

                                                            
4 These inferred closure dates largely match those reported in surviving bank reports. Banks that closed and 
reappeared later are treated as closed at the first year they were not listed. 
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hit the upper Mississippi Valley in the early 1930s. For instance, Garlock and Gile (1935, p. 74) 

state that “Arkansas had more difficulty with banks than did neighboring states. In part this may 

be attributed to the drought of 1930, which appears to have been more severe in Arkansas than in 

any of the neighboring states”. In this way, we study the two states that had a large amount of 

flood damage and that did not have a second weather-related shock that coincided with the Great 

Depression. 

 

4. Predicting Bank Closure (1925-1932) 

We estimate the effect of the flood on bank closure using a linear probability model. In order to 

judge the overall rate of closure, we aggregate the sample into three periods: the pre-flood period 

(1925-26), the flood period (1927-29), and the Great Depression period (1930-32). We restrict 

the sample to banks within 100 miles of the flood to focus on banks in similar economic areas 

and stop the analysis before the FDR’s Bank Holiday in 1933 because of the large number of 

administrative bank closures rather than typical depositor-forced closures.5 The estimation 

equation takes the following form: 

 

𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝑖𝑖,𝑡𝑡 =  𝑎𝑎 + 𝛽𝛽1𝐵𝐵𝑎𝑎𝐶𝐶𝐵𝐵ℎ𝐶𝐶𝐶𝐶𝑒𝑒𝑖𝑖,𝑡𝑡 + 𝛽𝛽2𝐹𝐹𝐶𝐶𝐶𝐶𝐶𝐶𝐹𝐹𝐶𝐶𝐹𝐹𝑖𝑖 + 𝛽𝛽3𝐹𝐹𝐶𝐶𝐶𝐶𝐶𝐶𝐹𝐹𝐶𝐶𝐹𝐹𝑖𝑖 ∗ 𝑒𝑒𝑡𝑡 + 𝛽𝛽4𝑋𝑋𝑐𝑐 + 𝛽𝛽5𝑋𝑋𝑐𝑐 ∗ 𝑒𝑒𝑡𝑡 + 𝐵𝐵𝑆𝑆𝑆𝑆𝑐𝑐

+ 𝐵𝐵𝑆𝑆𝑆𝑆𝑐𝑐 ∗ 𝑒𝑒𝑡𝑡 + 𝑒𝑒𝑡𝑡 + 𝐶𝐶𝑖𝑖,𝑡𝑡  (1) 

 

where 𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝐶𝑖𝑖,𝑡𝑡 is a dummy variable which equals one if bank i closed in period t and equals 

zero otherwise, 𝐵𝐵𝑎𝑎𝐶𝐶𝐵𝐵ℎ𝐶𝐶𝐶𝐶𝑒𝑒𝑖𝑖,𝑡𝑡 is a vector of balance sheet values of bank i in period t which 

includes the logarithm of the age of the bank, the logarithm of total assets, loans/assets, 

capital/assets, and cash/assets, as well as a dummy variable for whether the bank was state 

                                                            
5 The results are similar albeit weaker when we loosen either of these restrictions. 
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chartered interacted with the time fixed effects. 𝐹𝐹𝐶𝐶𝐶𝐶𝐶𝐶𝐹𝐹𝐶𝐶𝐹𝐹𝑖𝑖 is a dummy variable which equals one 

if bank i was in a flooded area or if it operated in a location that was completely enclosed by 

flooded areas (see Figure 1) and equals zero otherwise.6 𝑋𝑋𝑐𝑐 is a vector of county characteristics 

including a dummy for the Fed district7, logarithm of population, the value of manufacturing 

output per person, cotton share of crop acres, the value of crops produced per person in 1920, the 

change in the black population share 1920 to 1930, and a city-level dummy variable for whether 

a Red Cross relief camp was present.  

Equation (1) also controls for time, denoted by 𝑒𝑒𝑡𝑡, and for counties that have similar 

economic characteristics using State Economic Area (SEA) fixed effects, denoted by 𝐵𝐵𝑆𝑆𝑆𝑆𝑐𝑐, as 

well as their interaction with time fixed effects. We control for Mississippi’s mandatory deposit 

insurance system by including a triple interaction between the state bank dummy, the Mississippi 

state dummy, and the time fixed effects as well as an interaction between the Mississippi state 

dummy and the state bank dummy in all regressions. Standard errors are clustered by location 

and denoted by 𝐶𝐶𝑖𝑖,𝑡𝑡. In some specifications, we replace the level values of county characteristics 

with county-level fixed effects and include the distance to the Mississippi River of the county 

interacted with time fixed effects to account for the potential that banks in locations close to the 

Mississippi River were more likely to survive the Great Depression.  

In the model, the level of the variable provides the average effect over time, while the 

interactions determine whether there was a significantly higher or lower cross-sectional effect 

during the specific set of years. This approach allows us to evaluate whether flooded locations 

                                                            
6 Unreported estimates reveal that the size of the estimated flood coefficients declines when including banks just 
outside the flooded area suggesting that there is a discontinuity at the border of the flooded area. Yet, the sign and 
statistical significance still remains when Floodedi includes banks under 2.5 miles from a flooded area. 
7 The Federal Reserve district variables and their interactions are key to capturing the more generous discounting 
behavior of the Federal Reserve Bank of Atlanta during the Great Depression (Richardson and Troost 2009). Indeed, 
when we break out the two districts, the effect of the flood is much stronger in the non-Atlanta district. These results 
are available upon request. 
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were different than non-flooded locations initially, and then observe whether the flood’s effect 

changed over time. 

 Table 1 provides the estimated flood coefficients for equation (1) starting with a relative 

parsimonious model containing only the flood variables and time fixed effects and then 

subsequently adding control variables. The results indicate that on average bank closures in 

flooded areas were not different from bank closures in non-flooded areas. Even during 1927-29, 

banks in flooded regions display no difference from banks in other locations, confirming the 

view of the Louisiana State Bank Commissioner. A significant difference arises only during the 

Great Depression (i.e., between 1930 and 1932), and the effect is not mitigated when controlling 

for the bank’s initial balance sheet characteristics, county-fixed effects, and the interaction 

between distance to the Mississippi River and the time fixed effects. In column (6) when all 

controls are included, a bank in a previously flooded area was 16.8 percent (i.e., 0.025-0.193) 

less likely to close compared to banks in non-flooded areas. 

 We next examine whether the findings in Table 1 are driven primarily by a comparison of 

flooded banks to those much further away from the flood. While equation (1) controls for the 

distance to the Mississippi River as well as an extensive set of economic factors, we take the 

analysis a step further by restricting the sample of banks to be within a certain mileage away 

from the flood. Table 2 shows that the effect is still statistically significant and even somewhat 

larger when comparing flooded banks to non-flooded banks within 15 miles. The results, 

therefore, suggest that banks in flooded areas did significantly better during the Great Depression 

than those banks that were just outside flooded areas. 

 Table 3 presents the results of several robustness checks. First, we add extra controls for 

the Red Cross relief actions. Specifically, we include the fraction of the county’s population that 
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was “cared for” interacted with time fixed effects. The effect of the flood remains statistically 

significant and negative for the Great Depression period. We thus are confident that the results 

are not being driven by relief aid.8 Second, we show that the results hold up when we drop large 

cities that might have been less dependent on agriculture or might have had other sources of 

funding or relief available. Finally, we utilize another measure of flood intensity by replacing the 

location-specific flood dummy with the fraction of the county area that was flooded from 

Hornbeck and Naidu (2014) and obtain similar results. 

 

5. Why Did the Flood Matter? 

The previous regressions have shown that banks which endured the Great Mississippi Flood of 

1927 were much more likely to survive the Great Depression. Our examination of Red Cross’ 

reports, Mississippi and Louisiana banking reports, and Federal Reserve reports suggests that the 

higher survival rate was not due to direct aid from the government. As shown in Table 3, the 

results are also unlikely to be driven by relief aid to farmers. Distressed individuals and farmers 

in a relatively wide area around the flooded area received funds and thus our sharp identification 

of “flooded” banks should not be substantially different from those just outside the flooded area.9 

Therefore, it seems that banks hit by the flood must have learnt from this “natural” stress test. 

Since affected banks were not significantly more likely to close during the flood, it is not 

necessarily a story of survival of the fittest and the outstanding question is then: how or what did 

banks learn?  

                                                            
8 Indeed, while unreported, the results only decline slightly when we include the amount of money spent by the Red 
Cross per capita in the county as a control. 
9 Also, our results are not sensitive to adding controls for religious membership (Ager et al. 2016) nor are they 
sensitive to adding controls for the presence of Federal Land Banks (this information was only available for 
Louisiana). 
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 One obvious starting point is to examine whether flooded banks altered the composition 

of their balance sheets. We explore this aspect using specifications similar to equation (1) but 

with balance sheet statistics as the left-hand-side variables. In contrast to the initial values used 

as controls in the closure regressions, we specifically look at the ending balance sheet values to 

capture the effect of each period. This allows us to determine whether banks emerged with a 

different balance sheet composition after each period. In Table 4, we find no consistent effect of 

the flood on bank composition (i.e., capital/liabilities, loans/assets, cash/assets) generally or 

during the flood period.10 The only significant effect is a rise in affected bank’s loans/assets 

during the Great Depression, which is likely a signal of their stability in the face of the shock. 

Therefore, banks do not seem to be using the information gained from the shock to shift into 

safer assets or reduce their leverage and the closures during the flood do not seem to have 

differentially shifted the composition of the group of flooded banks.11  

 Ruling out shifts in bank composition, there remains another possible but hard to test 

mechanism. Specifically, bank managers in flooded areas might have learned how to better 

handle a crisis. During the storm, managers would have had to deal with sudden depositor 

withdrawals as well as loan defaults. This experience could lead to better crisis management 

during the Great Depression. Indeed, for the modern period, Berger and Udell (2004) find that a 

bank’s ability to recognize potential loan problems deteriorates as the time increases from its last 

negative loan shock or if they have new officers who have never experienced a shock. They even 

find that the deterioration particularly pertains to the accumulation and processing of soft non-

quantitative information about borrowers rather than hard quantitative information. 

                                                            
10 The results also confirm that banks did not experience a sudden recapitalization or loan write-off during the flood. 
11 Looking at the more detailed state-level balance sheet data reported in All Bank Statistics (digitized by Flood 
1998), there were also no substantial changes within asset categories, suggesting that it is unlikely that flood banks 
quickly or suddenly changed their asset composition after the flood. We also found no systematic differences 
between the balance sheets of closed banks during the flood in affected versus non-affected areas. 
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 While we cannot test this hypothesis directly, we can examine whether the spillover 

effect of the flood on closures during the Great Depression was larger in those banks that might 

have had worse management. In particular, state bank regulators identified poor management as 

one of the most frequent reason for small banks closing their business during the 1920s 

(Thompson, 1930, pp. 11-12). Consequently, we look at whether the effect is bigger for small 

banks and banks with new management before the flood.12 Table 5 shows that the results in the 

previous tables were primarily driven by banks that were small and that had changed their 

management before the Flood in 1927.13 In this way, the stabilizing effect of the flood during the 

Great Depression was largest on those banks that were more likely to have poor or new 

management. Moreover, the variation in the effect of the flood suggests that the results are not 

simply driven by areas receiving emergency aid from the government as in that case the results 

would have been consistent across the various groups. 

 

6. Conclusion 

This paper shows that banks which endured the Great Mississippi Flood of 1927 were much 

more likely to survive the Great Depression. Unlike statistical stress tests that are often opaque 

and focused around understanding general asset quality, the real world shock seems to have 

trained banks to better handle the larger shock a few years later. It goes without saying that the 

secret to bank stability is not hoping for more natural disasters, but rather these results suggest 

that stress tests that integrate management training might be worthwhile to consider.  

                                                            
12 While we would also like to have looked at old vs. new banks, the very limited number of banks created after 
1920 prevents such a designation. In unreported regressions, we find no effect of the flood on the probability of a 
bank changing its president over the whole period or in any of the sub-periods.  
13 It is important to note that the coefficient on the interaction between the Flood dummy and the Great Depression 
period for banks that did not change their management has a p-value of 0.116. This marginal insignificance still 
suggests that the flood also had some benefits for other banks even if the results are much larger for those that 
changed their management. 
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Figure 1: Map of the 1927 Mississippi Flood and Bank Locations 

 
Notes: This map provides the flooded areas (shaded in grey) and the location of banks that existed during the period. 
Those banks included in the flooded area are highlighted in red as opposed to blue. County boundaries were 
obtained from the Minnesota Population Center (2004) and flood boundaries were obtained from Hornbeck and 
Naidu (2014). 



Table 1: Effect of the 1927 Mississippi Flood on Bank Closure (1925-32) 
 Probability of Closure 
 (1) (2) (3) (4) (5) (6) 
Flooded 0.035 0.039 0.029 0.047 0.037 0.025 
 [0.037] [0.045] [0.047] [0.066] [0.066] [0.067] 
       
Flooded * Flood Period (1927-29) 0.031 0.013 0.017 0.007 0.002 0.011 
 [0.078] [0.085] [0.085] [0.085] [0.085] [0.084] 
       
Flooded * GD Period (1930-32) -0.167** -0.224** -0.226** -0.211** -0.221** -0.193** 
 [0.066] [0.089] [0.090] [0.089] [0.090] [0.091] 
       
Time FE Yes Yes Yes Yes Yes Yes 
SEA Area FE No Yes Yes No No No 
County FE No No No Yes Yes Yes 
SEA Area x Time FE No Yes Yes Yes Yes Yes 
County Controls x Time FE No Yes Yes Yes Yes Yes 
Fed District x Time FE No Yes Yes Yes Yes Yes 
Bank Type x Time FE No Yes Yes Yes Yes Yes 
State x Bank Type x Time FE No Yes Yes Yes Yes Yes 
Initial Balance Sheet Variables No No Yes No Yes Yes 
Distance to MS River x Time FE No No No No No Yes 
Observations 1138 1138 1138 1138 1138 1138 

Notes: This table reports the coefficients of a linear probability model. The dependent variable is whether the bank 
closed in the following time period. The data are collapsed into three periods: 1925-1926, 1927-1929, and 1930-
1932. "Flooded" is a dummy variable that equals one if the bank was zero miles away from the flood or completely 
enclosed by it. The sample only contains banks within 100 miles of the flooded region. The vector of initial balance 
sheet variables includes the logarithm of the age of the bank, the logarithm of total assets, loans/assets, 
capital/assets, cash/assets all measured at the beginning of each period. The vector of county characteristics includes 
the logarithm of population, the value of manufacturing output per person, cotton share of acres, and the value of 
crops produced per person in 1920 as well as an indicator for whether a Red Cross camp was present after the flood 
and the change in Black population 1920 to 1930. Robust standard errors clustered by location are presented in 
parentheses below the coefficients. * denotes significance at 10%; ** at 5% level and *** at 1% levels. 



Table 2: Sample selection – Limiting Comparison Groups of Banks 
 Only Banks Within X Miles of Flood 

 
Within 

15 
Within 

35 
Within 

55 
Within 

75 
 (1) (2) (3) (4) 
Flooded 0.016 0.031 0.029 0.036 
 [0.085] [0.070] [0.067] [0.066]      
Flooded * Flood Period (1927-29) -0.066 -0.014 -0.009 0.006 
 [0.111] [0.091] [0.088] [0.085] 
     
Flooded * GD Period (1930-32) -0.207* -0.192** -0.182* -0.185** 
 [0.112] [0.095] [0.093] [0.093] 
     
Time FE Yes Yes Yes Yes 
SEA Area FE No No No No 
County FE Yes Yes Yes Yes 
SEA Area x Time FE Yes Yes Yes Yes 
County Controls x Time FE Yes Yes Yes Yes 
Fed District x Time FE Yes Yes Yes Yes 
Bank Type x Time FE Yes Yes Yes Yes 
State x Bank Type x Time FE Yes Yes Yes Yes 
Initial Balance Sheet Variables Yes Yes Yes Yes 
Distance to MS River x Time FE Yes Yes Yes Yes 
Observations 493 698 833 987 

Notes: This table reports the coefficients of a linear probability model. The dependent variable is whether the bank 
closed in the following time period. The data are collapsed into three periods: 1925-1926, 1927-1929, and 1930-
1932. The sample is limited to those banks within the specified miles from the flood. "Flooded" is a dummy variable 
that equals one if the bank was zero miles away from the flood or completely enclosed by it. The vector of initial 
balance sheet variables includes the logarithm of the age of the bank, the logarithm of total assets, loans/assets, 
capital/assets, cash/assets all measured at the beginning of each period. The vector of county characteristics includes 
the logarithm of population, the value of manufacturing output per person, cotton share of acres, and the value of 
crops produced per person in 1920 as well as an indicator for whether a Red Cross camp was present after the flood 
and the change in Black population 1920 to 1930. Robust standard errors clustered by location are presented in 
parentheses below the coefficients. * denotes significance at 10%; ** at 5% level and *** at 1% levels. 
   



Table 3: Robustness Checks 

 
Controlling for 
Red Cross Aid  

Dropping Large 
Cities  

Using County-Level 
Flood Intensity 

Variable 
 (1) (2)  (3) (4)  (5) (6) 
Flooded 0.015 0.021  0.033 0.046  0.015  
 [0.043] [0.069]  [0.051] [0.067]  [0.056]           
Flooded * Flood Period (1927-29) 0.012 -0.001  -0.034 -0.041  0.109 0.105 
 [0.066] [0.093]  [0.083] [0.084]  [0.108] [0.113]          
Flooded * GD Period (1930-32) -0.154** -0.163*  -0.214** -0.209**  -0.348*** -0.326** 
 [0.075] [0.099]  [0.093] [0.094]  [0.126] [0.130] 
         
Time FE Yes Yes  Yes Yes  Yes Yes 
SEA Area FE Yes No  Yes No  Yes No 
County FE No Yes  No Yes  No Yes 
SEA Area x Time FE Yes Yes  Yes Yes  Yes Yes 
County Controls x Time FE  Yes Yes  Yes Yes  Yes Yes 
Fed District x Time FE Yes Yes  Yes Yes  Yes Yes 
Bank Type x Time FE Yes Yes  Yes Yes  Yes Yes 
State x Bank Type x Time FE Yes Yes  Yes Yes  Yes Yes 
Initial Balance Sheet Variables Yes Yes  Yes Yes  Yes Yes 
Distance to MS River x Time FE Yes Yes  Yes Yes  Yes Yes 
Red Cross Aid x Time FE Yes Yes  No No  No No 
Observations 1138 1138  1050 1050  1138 1138 

Notes: This table reports the coefficients of a linear probability model. The dependent variable is whether the bank 
closed in the following time period. The data are collapsed into three periods: 1925-1926, 1927-1929, and 1930-
1932. In columns (1) through (4), "Flooded" is a dummy variable that equals one if the bank was zero miles away 
from the flood or completely enclosed by it. In columns (5) through (6), "Flooded" is the fraction of county area 
flooded. The sample only contains banks within 100 miles of the flooded region. The sample only contains banks 
within 100 miles of the flooded region. "Dropping Large Cities" denotes estimates when we drop any city with more 
than 15,000 inhabitants in 1930. "Controlling for Red Cross Aid" denotes specifications that control for the fraction 
of the county population receiving aid from the Red Cross. The vector of initial balance sheet variables includes the 
logarithm of the age of the bank, the logarithm of total assets, loans/assets, capital/assets, cash/assets all measured at 
the beginning of each period. The vector of county characteristics includes the logarithm of population, the value of 
manufacturing output per person, cotton share of acres, and the value of crops produced per person in 1920 as well 
as an indicator for whether a Red Cross camp was present after the flood and the change in Black population 1920 to 
1930. Robust standard errors clustered by location are presented in parentheses below the coefficients. * denotes 
significance at 10%; ** at 5% level and *** at 1% levels. 



Table 4: Effect of the 1927 Mississippi Flood on End of Period Balance Sheets 
(1925-1932) 

 
Capital/ 

Liabilities 
Cash/ 

Deposits 
Loans/ 
Assets 

 (1) (2) (3) 
Flooded 0.009 -0.022 -0.047 
 [0.021] [0.023] [0.042] 
    
Flooded * Flood Period (1927-29) 0.013 0.013 0.003 
 [0.010] [0.027] [0.033] 
    
Flooded * GD Period (1930-32) -0.016 -0.044 0.076** 
 [0.017] [0.034] [0.036]     
Time FE Yes Yes Yes 
SEA Area FE Yes Yes Yes 
County FE No No No 
SEA Area x Time FE Yes Yes Yes 
Bank FE Yes Yes Yes 
County Controls x Time FE Yes Yes Yes 
Fed District x Time FE Yes Yes Yes 
Bank Type x Time FE Yes Yes Yes 
State x Bank Type x Time FE Yes Yes Yes 
Initial Balance Sheet Variables No No No 
Distance to MS River x Time FE Yes Yes Yes 
Observations 1015 1015 1015 

Notes: This table reports the coefficients of an ordinary least squares regression. The dependent variable is the 
balance sheet item specified in the column heading at the end of each period. The data are made up of balance sheet 
observations in 1926, 1929, and 1932.. "Flooded" is a dummy variable that equals one if the bank was zero miles 
away from the flood or completely enclosed by it. The sample only contains banks within 100 miles of the flooded 
region. The vector of initial balance sheet variables includes the logarithm of the age of the bank, the logarithm of 
total assets, loans/assets, capital/assets, cash/assets all measured at the beginning of each period. The vector of 
county characteristics includes the logarithm of population, the value of manufacturing output per person, cotton 
share of acres, and the value of crops produced per person in 1920 as well as an indicator for whether a Red Cross 
camp was present after the flood and the change in Black population 1920 to 1930. Robust standard errors clustered 
by location are presented in parentheses below the coefficients. * denotes significance at 10%; ** at 5% level and 
*** at 1% levels. 



Table 5: The Effect of the 1927 Mississippi Flood on Closure of Different Types of Banks 
(1925-1932) 

 Probability of Closure 

 
Large 
Banks 

Small 
Banks  

No Pres. 
Change 

Before Flood 
Pres. Change 
Before Flood 

 (1) (2)  (3) (4) 
Flooded 0.056 0.030  0.021 0.341 

 [0.143] [0.106]  [0.073] [0.281]       
Flooded * Flood Period (1927-29) 0.043 -0.040  -0.006 -0.057 

 [0.124] [0.122]  [0.097] [0.280]       
Flooded * GD Period (1930-32) 0.006 -0.347***  -0.165 -0.573* 

 [0.147] [0.131]  [0.105] [0.303] 
      

Time FE Yes Yes  Yes Yes 
SEA Area FE No No  No No 
County FE Yes Yes  Yes Yes 
SEA Area x Time FE Yes Yes  Yes Yes 
County Controls x Time FE  Yes Yes  Yes Yes 
Fed District x Time Fe Yes Yes  Yes Yes 
Bank Type x Time FE Yes Yes  Yes Yes 
State x Bank Type x Time FE Yes Yes  Yes Yes 
Initial Balance Sheet Variables No No  Yes Yes 
Distance to MS River x Time FE Yes Yes  Yes Yes 
Observations 588 550   947 191 

Notes: Table provides the coefficients on a linear probability model. The dependent variable is whether the bank 
closed in the following time period. The data are collapsed into three periods: 1925-1926, 1927-1929, and 1930-
1932. "Flooded" is a dummy variable that takes a value of "1" if the bank was zero miles away from the flood or 
completely enclosed by it. The sample only contains banks within 100 miles of the flooded region. "Large Banks" 
are denoted as those banks with more than $430,000 in assets in 1925 and "Small Banks" are denoted as those with 
less than $430,000. "No Pres. Change Before Flood" denotes banks that did not change their president between 1925 
and 1926, and "Pres. Change Before Flood" denotes banks that did change their president between 1925 and 1926.  
The vector of initial balance sheet variables includes the logarithm of the age of the bank, the logarithm of total 
assets, loans/assets, capital/assets, cash/assets all measured at the beginning of each period. The vector of county 
characteristics includes the logarithm of population, the value of manufacturing output per person, cotton share of 
acres, and the value of crops produced per person in 1920 as well as an indicator for whether a Red Cross camp was 
present after the flood and the change in Black population 1920 to 1930. Robust standard errors clustered by 
location are presented in parentheses below the coefficients. * denotes significance at 10%; ** at 5% level and *** 
at 1% levels. 
 


